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Nowadays, social media networks provide users an interactive platform to create and share multimedia content such as text, image, video, audio, and so on. Within these “interest-based” networks,
each user interacts with the others through a multimedia content and such interactions create “social links™ that well characterize the behaviors of involved users in the networks.

Representing and understanding user-multimedia interaction mechanisms can be useful to predict user
behavior, to model the evolution of multimedia content and social graphs and so on.

XXX Cycle - |l year presentation

Multimedia Social Network

Several research questions have to be addressed:

It possible to exploit multimedia features and the notion of similarity to discover more useful links?

Can all the different types of user annotations (e.g. tag, comment, review, etc.) and interactions with
multimedia objects provide a further support for an advanced network analysis?

Is it possible to integrate and efficiently manage in a unique network the information coming from
different social media networks (for example, a Twitter user has usually an account also on Instagram
or Flickr)?

How can we deal with a very large volume of data”?

In this context, how is possible to model all the various relationships among users and multimedia

objects? Are the “graph-based” strategies still the most suitable solutions?

We adopt the term Multimedia Social Networks (MSNs) to indicate “integrated social media networks that combine the information on users, belonging to one or more social communities,
together with all the multimedia contents that can be generated and used within the related environments”.

We propose a novel data model to merge in a single data structure (hypergraph) the information derived from different kinds of social networks (Facebook, Twitter, etc.) and social media

networks (Youtube, Flickr, Last.FM and o so on).
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Future Works
The future works will be focused on: = ' 7 L
e Identification of better way to represent hypergraph model based on specific application ' B :; "
e Distribution of hypergraph model based on Big Data architecture o Y- -
a = .
o L
¢ i ‘i. T
In order to perform an experimental evaluation of the proposed model, we are planning to exploit the i 2 i

introduced ranking functions to support different types of applications:
° Multimedia  recommendation
Influence analysis

audiovisual

content
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